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Abstract; Traffic sign recognition, as a reminder of traffic and road conditions, is an important part of intelligent driving. Usually,
for traffic sign recognition, only target detection algorithms are used, ignoring the standardization and singularity of traffic signs
themselves. This paper proposes a more effective traffic sign recognition algorithm based on the standardization and personalization
of traffic signs. Firstly, the category information of traffic signs in the natural scene traffic sign dataset TT100K is added, and then
the object detection algorithm is used to detect the category of signs in the dataset to obtain the target detection box. Finally,
standard traffic sign images are used as templates, and the similarity between the template matching method and the images in the
object detection box area is compared to determine the specific types of traffic signs. Experimental results have shown that the
algorithm proposed in this paper greatly improves recognition accuracy compared to the simple use of object detection algorithms,
providing new ideas for the research of small target recognition algorithms for traffic signs.
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Fig. 1 Main categories of TT100K
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Fig. 2 Template matching of traffic sign categories
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Fig. 3 Subimages of 2D discrete wavelet transform
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Fig. 4 Horizontal and vertical projection integral graphs
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