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A deep learning based algorithm for detecting periodic defects in coated plates
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Abstract; Coated plates are widely used in fields such as canned food, household appliances and automotive manufacturing.
However, the current surface quality detection algorithms in the coated plate industry have always faced the problems such as limited
defect images and complex real-world scenarios, resulting in unsatisfactory cold start of defect detection algorithms and affecting the
detection of periodic defects. This article proposes a combination of Cloud —model based feature matching loss and adversarial

generative network. The fruit effectively solves the cold start problem of detection algorithms, improves their generalization ability ,

and improves the detection rate of periodic defects.
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Fig. 1 Performance of the model with IoU ranging from 0. 50 to 0. 95
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Fig. 2 The impact of Cloud—model feature matching on detection
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Fig. 3 The impact of Cloud —model feature matching on defects

generated by the adversarial network
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