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Abstract:; In the field of computer — aided medical image analysis, the characteristics of medical data make the traditional
assumptions too strong, resulting in poor algorithm performance and domain shift problems, so the domain adaptive strategy is
introduced to solve the problem. This paper firstly summarizes the medical image dataset and the theoretical basis of the domain
adaptive strategy; secondly, it makes a summary of the application of domain adaption in the field of medical image analysis;
finally, it summarizes the challenges faced by domain adaptive learning and looks forward to the direction of research, which

provides ideas and theoretical support for subsequent research.
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Fig. 1 Instance reweighting
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