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Design and implementation of a smart community data
analysis system based on Flink
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Abstract: This article proposes a smart community data analysis system based on Apache Flink, which covers four levels of data
integration, storage, processing, and application to meet the efficient processing needs of smart communities for multi—source data.
This system fully leverages Flink’s advantages in distributed processing and stream processing, and efficiently processes diverse data
from the community, including structured, semi-structured, and unstructured data, achieving real—time conversion and loading of
data, ensuring data timeliness and accuracy. The core link of data processing, the deep integration of Flink’s ETL ( Extract,
Transform, Load) processing method, not only builds a closed—loop data processing process for community managers, but also
provides a complete real —time data analysis solution. Experimental verification has shown the reliability and practicality of the
system in handling complex data tasks, providing strong support for the management and service of smart communities.
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Fig. 1 Overall framework of smart community data analysis system
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Fig. 4 Real time community data analysis process
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