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Abstract; Medical Named Entity Recognition (NER) , as a fundamental task in medical information extraction, holds significant
importance in building medical knowledge graphs, addressing medical issues, and automating case analysis. Compared to general
domain NER, medical NER faces challenges such as the complexity of Chinese word segmentation and the richness of medical
terminology. Additionally, medical named entities tend to be more complex and can be nested. In order to enhance the accuracy of
existing NER models and address the issue of limited high—quality annotated data during training, a Chinese medical NER approach
based on MacBERT-GP is proposed specifically for medical named entity recognition. Experimental results on the CBLUE CMeEE—-
V2 medical NER dataset and the CCKS2019 electronic medical record dataset have thoroughly validated the effectiveness of this
method. Compared to the classic BERT -BiLSTM —CRF method, the proposed approach has shown improvements of 6. 42% and
4.95% in F1 scores, respectively.
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Table 5 Performance comparison of this model with other NER methods

TTHYSEIGEE R K 5,

%

CMeEE-V2 CCKS2019
Y
Precision Recall F1 Precision Recall F1
Bert-BiLSTM-CRF 71.76 66. 83 69.21 73.84 75.31 74.53
RoBERTa-BiLSTM-CRF 73. 64 75.22 74.42 74.62 74.38 74. 50
MedBERT-BiLSTM-CRF 74. 82 75.24 75.03 78.26 77. 62 77.94
RoBERTa-GP 73.89 74.23 74. 06 79.93 70.28 74. 80
AR 75.74 75.18 75.45 81.23 78. 86 79.52
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