it 8 M 5 K A
Intelligent Computer and Applications

2026 &£ 5 A
May 2026

®16E £5H = g
Vol.16 No.5

WResc, J3BE, TR, A5 2T A TR ALH A )G BUR 45 4RI AN A% T [T ).
DOI: 10. 20169/j. issn. 2095-2163. 24072603

BT B E 1L H B (8] 25 7R X 2% 48 3% 4 4% Tt i

BEX', B TMFE, KFF
(18t AT AHRFFEAT, RN 430040; 2 FEMZEGERE EEIEFR, RiX 430073)

BREH LS M ,2026,16(5) :113-118.

T OE . S B Ml AR R AR PR SR A Ao R v A AR R KU 2 T MR, AR SR S — P BT A T AL A B[R] A AR ) 4
( Temporal Convolutional Network , TCN) PR TRl 22 T A 26 5 4 Bh A B IR AR AY 1 3 JF A B —— 4R I S I % . X
BRI A B Sl P R I oG 2R | IR B R & 3 2 0 ML 2% 20 3 50 7 B, SE AR A AR E TN, SE g4 SR 3R 0
ZRSCHR H TCN-Attention BEHUAR [ LSTM . LSTM-Attention F1 TCN A5 | 7 437 A A% T F (o005 v 8 08 10 %07 vk g A 4%
ks TN B T3 BB, R R Bl A5 BRI E A ARG B AR R I AR S IR 2 22

KB AEESIILN; BRI A O 4R3I 5T

hESES. TP183 XERFRES: A XE4RES: 2095-2163(2026)05-0113-06

Pulp price prediction based on self—attention mechanism and
temporal convolutional network
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(1 China Tobacco Hubei Industrial Co. , Ltd. , Wuhan 430040, China;
2 School of Information Engineering, Zhongnan University of Economics and Law, Wuhan 430073, China)

Abstract: To solve the problems of procurement, cost control, and risk management in tobacco enterprises, a Temporal
Convolutional Network ( TCN) model based on Self-Attention Mechanism was proposed to predict the price of pulp, the upstream raw
material for cigarette paper, a key auxiliary material in tobacco manufacturing . The model employs a convolutional module to capture
long—term dependencies and uses the self—Attention mechanism to learn the key temporal segments, thus completing the prediction of
pulp prices. The experimental results show that the TCN—-Attention model proposed in this paper has higher accuracy in pulp price
prediction than the LSTM, LSTM-attention, and TCN models. This method provides a new idea for futures price prediction and a
scientific reference for tobacco enterprises to reasonably formulate procurement prices for lining paper and tipping paper.
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Fig. 1 Schematic diagram of dilated causal convolution
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Fig. 2 Schematic diagram of residual module
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Fig. 3 Schematic diagram of multi—step iteration
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Fig. 4 Experiment flowchart for pulp price prediction
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Fig. 8 Prediction results of TCN model
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