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Study on multidimensional evaluation of classroom teaching effectiveness
based on computer vision

LIN Chengde, CHEN Mingzhi

(School of Artificial Intelligence, Guilin University of Electronic Technology, Guilin 541004, Guangxi, China)

Abstract; With the rapid development of artificial intelligence technology, integrating it into classroom teaching effectiveness
analysis holds significant importance. This paper proposes a multifaceted classroom teaching effectiveness analysis method based on
computer vision. The method utilizes video data captured by cameras in the classroom to analyze students” states and quantify
indicators, while also developing a comprehensive analysis system for classroom teaching effectiveness. The system features four
main functions, including accurate recognition of students ~ learning behaviors, emotional states, and attendance, enabling
multidimensional analysis of classroom teaching effectiveness. Practical application verification demonstrates that the system
effectively analyzes students ~ classroom states, providing scientific feedback for teachers and facilitating intelligent teaching
management. In the future, with the widespread adoption of this system, the realization of intelligent teaching management could be
promoted, providing robust technical support for enhancing the quality of education and teaching.
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Fig. 1 Framework of the system
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Table 1 Classroom teaching effectiveness grading indicators
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