2025 % 4 A
Apr. 2025

$£15% F4H q] B I E MNE KA
Vol.15 No.4 Intelligent Computer and Applications

AR, B, WEM, S TR AR EY F R (1], FaeitBEyLS A, 2025,15(4) :69-76.
DOI; 10. 20169/j. issn. 2095-2163. 24093003

ETREAREHZNBHKEDERENRE

AER, B9, EEWK, BHUHE
(FEZER, =M {2 564500)

W OE. VRS AR N RMEY E VRN T SBLLE AR B A B L, B B O AR e X EL AT R W, %
T RPN L RGEMAEYFE S LPTC #4122 00 B FRE B H— Pl /5 47 3t T A0 fr) et 2 P 8 A5 i By SRS g 0L i o
2 R GENYHT R 2T AN MR LPTC i 28 o N AR AT LA 5 BRIl 2 TC A B, i B AR08 o 28 440 A S v T A6 3R
e, RV i 5 320 AR A pl LS &0 RS A AR AL T A R A W v i R
W3 B 4R BB 7k .

K, Fl RIS RS0, LPTC M40 RIBMIZIRANMT ; 5 iR b 28 e 4 il

FESES ., TP391.4 XEKFRERS: A XEHS: 2095-2163(2025)04-0069-08

Crop pest warning and detection based on fruit fly visual neural network
HU Changjun, XIA Honghong, CAO Yulin, CHEN Qiuju

(Moutai Institute, Renhuai 564500, Guizhou, China)

Abstract: In order to improve the detection and early warning of crop pests in the natural environment and realize the significance
of comprehensive management, it is difficult for existing machine vision technologies to realize effective monitoring. Based on the
biological characteristics of the fruit fly’s visual nervous system and the response characteristics of LPTC neurons, a neural network
model for early warning and detection of crop pests is proposed. Synthetic spiking neuron cells are constructed by means of the
feedforward neuron cells of the fruit fly’s visual nervous system and the response characteristic mechanism of LPTC neurons. An
early warning detection system is established by means of synthetic spiking neuron cells to detect pests appearing in crops. This
paper involves the processing of pest dynamic visual information inspired by the biological optic nerve mechanism, which can
provide a new method for pest detection and analysis in intelligent video surveillance.
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