E15% F£41 g B it E N5 & M 202544 R
Vol.15 No.4 Intelligent Computer and Applications Apr. 2025

VP, T L0 T HHEIZ AR A K FARSER B [ 1], BRI AP SN H,2025,15(4) :115-120. DOI; 10. 20169/j.
issn. 2095-2163. 24062702

ETEZE0XUFEEREEENXFERERBHR

FEHE
(WAEARERZERE ERBAEFHFEARE, KIE 030031)

i : ARG B TE R RS T2 48 1 T 1k , 4 = IR B AR [R) A1 9 2 A ) RO R AR TG, DA JR S il AL RS v AR BUR R
T, zlxjc Z FHBAEAZ AR R 25 A JEARE B AR R BT DL R SR AR BT R 155 0L 5 22 7 T B , 22 o) ve R e A 2 AR T B
IR . XA B TR VR AN T i Ak A6 AR ORI AR R BT T8 0o TR S, [R1A  RE B o 2 A VAR BB 1L
EjAGRHAE 2 (0] A AR D&, a1 %o 2 A R URRAE A TR A 20 M7, T 5 65 SR vl A e P e e i 2 S IS 4 1) SELARL B9 0 7 S g 3
PR

KR BRI 2R KR

hESES: G420 XHEkEREE: A XEHS: 2095-2163(2025)04-0115-06

Research on ideological and political education in vocational colleges
based on data mining model
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Abstract; This study aims to utilize data—driven approaches to construct a demographic profile of students across different grades in
vocational colleges, facilitating customized research in political and ideological education. Specifically, this paper applies data
mining models to gather various data points including students” basic information, personality traits, and participation in ideological
and political courses, to delineate the demographic profile of vocational college students. This research contributes to a deeper
understanding of students” characteristics, needs, and inclinations in ideological and political aspects as well as personality traits.
Moreover, the paper investigates the correlation between students” ideological and political situations and their personality traits.
Through in—depth analysis of student demographic characteristics, the research findings could serve as a basis for vocational colleges
to formulate more precise and tailored strategies for ideological and political education.
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Fig. 2 Student portrait data sources and attribute content
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Table 1 Experimental results of data mining methods
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