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The application of sentiment analysis and multi-modal approach
to Kickstarter crowdfunding projects
SHI Wei'?, JIN Yuting®
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2 College of Information Engineering, Huzhou Normal University, Huzhou 313000, Zhejiang, China)

Abstract: Online crowdfunding platforms have become essential channels for innovative projects and creative entrepreneurs to
secure funding. This study focuses on the Kickstarter platform to explore the impact of project descriptions, comment interactions,
and public expectation levels on crowdfunding success rates. By integrating the BERT model with cross—modal analysis methods,
the paper delves into the visual and textual descriptions of projects, as well as the textual and emotive expressions in comments. The
study evaluates the alignment between project descriptions and types, the emotional responsiveness of creators to comments, and the
influence of emotional tendencies on fundraising outcomes. Results indicate that high — quality project descriptions and precise
emotional expressions are crucial for attracting supporters and enhancing fundraising success. Moreover, emotional consistency in
descriptions and appropriate responses to comments significantly contribute to the success of crowdfunding projects.
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Fig. 1 Flowchart of multi-modal emotion analysis for crowdfunding projects
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Table 1 Experimental results on the CMU-MOSI dataset

Model Modality MAE! Acc],_' Acc}7' F’l' Cort®
EF-LSTM T+A+V 1.023 75.3 33.7 75.2 0. 608
LMF T+A+V 0.912 76. 4 32.8 75.7 0. 668
MFM T+A+V 0.951 78.1 36.2 78.1 0. 662
RMFN T+A+V 0.922 78.4 38.3 78.0 0. 681
MulT T+A+V 0. 871 83.0 40.0 82.8 0. 698
T-BERT T 0.784 83.2 41.5 83.2 0.774
RSN T+V 0.775 83.9 41.9 83.7 0.781

4 BRISMEER

ARET B A XF 5 R HRER
ST Kickstarter - 5 £ A G T H 15 845
M, IS BERT #RAIZE R & SUAR 538 (5 B

4.1

T RIS, JCHAE A IS0 e 30 5 v ] o o4
W IWLER 2) . BFREAS R R A BRI 5 10 H T
FIEAH S, Horp« Joy " 18 B T R B 7, “ Fear” FeAIX,
BAIE T 305 B R HAN BB IR IR 0 B 1
IR CEEEH



204 Bk

it ow oM 5 m

16 %

22 2 IRt PSS X 7 1 JR L A b
AT SR & LG, LR R TR B IR %
2 EHE BERT 7 Kickstarter FRSAETEHRM
Table 2 BERT’s performance of food crowdfunding projects on

Kickstarter %
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Joy 61.1 63.2 64.5 79.5
Sadness 22.3 20.6 21.3 10.3
Fear 5.5 4.7 1.8 1.5
Disgust 2.3 1.3 1.1 2.1
Anger 8.8 10.2 11.3 6.6
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Table 3 Response time and emotion ratio of crowdfunding project

initiator and project success rate %
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