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Abstract: To enhance the performance of state estimation in target tracking, this paper proposes an Interactive Multi —Model
Particle Flow Filtering algorithm. This algorithm employs multiple models to describe the maneuvering process of the target and
utilizes the particle flow filtering algorithm for state estimation, with interactive outputs for the filtering results. This approach avoids
the estimation errors caused by relying on a single model and overcomes the limitations of Kalman filtering and traditional particle
filtering, thereby effectively improving the accuracy of state estimation. Simulation results demonstrate the effectiveness and
robustness of the proposed filtering algorithm.
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IMM-KF  3.366 10 2.9784 3.2800 5.5642 0.0046
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